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Abstract: In the industrial Internet of things, the generation of tasks is observed to exhibit both continuity and period-
icity, along with stringent latency requirements. These characteristics posed challenges to system’s cost-efficiency. To
address these challenges, a cost minimization resource allocation algorithm based on the urgency of tasks was pro-

posed. By employing a genetic algorithm, the task offloading strategy and the system’s resource allocation strategy

WisHEER: 2023-09-01; fEEIBHA: 2023-11-20

HE4WE: HFEARREESEITH (No.62271096, No.U20A20157); R M HERIFH AT HLIHE (No.KIQN202000626) ;
HIRT QAT AARATE  (No.CXQT20017); EMEEIHH GBS FF i+ T H  (No.SCIE-QN-2022-04); H IR T &+ 5 A
FIH R E B E  (No.2021XM3058);  HLER T H AR F IS AIH K G B &P H (No.CSTB2023NSCQ-LZX0134)
Foundation Items: The National Natural Science Foundation of China (No0.62271096, No.U20A20157), Science and Technology Research
Program of Chongging Municipal Education Commission (No. KJQN202000626), University Innovation Research Group of Chongqing
(No.CXQT20017), Youth Innovation Group Support Program of ICE Discipline of CQUPT (No.SCIE-QN-2022-04), Chongging Postdoctoral
Science Special Foundation (No.2021XM3058), Chongqing Natural Science Foundation of China (No.CSTB2023NSCQ-LZX0134)



«30 -

were optimized. For offloaded tasks, they were scheduled according to their level of urgency. Additionally, the opti-

mal transmission power for each task was calculated to meet latency constraints. Simulation results indicate that the

proposed algorithm effectively reduces the overall energy cost of the system.

Key words: 1IoT, resource allocation, genetic algorithm
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